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Statistical Methods Logic Programming
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Artificial Neural Network Statistical Methods
Error Back Propagation Artificial Neural Network
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Ex: Prolog..
Genetic Algorithm, ACO,
Artificial Neural Network

Ex: Hopfield Network




Modeling fE1%E

* Modeling of Time-series (B %&5) or Systems (AT L)
Why? = To predict for danger/profit (%)

tETE L
1t

1

=2 = 3

*3_ 4 —> %

#

SUR/EN

B iR WiE RO /HO M. o
X-B - R BE /L o o

HEHADE

HAND_RIGHT HEAD SHOULDIER CENTER  HAND LEFT

S, \ Pe
WRIST RIGHT = | J = wisT e

asow_miHT & usow werr

SHOULDER RIGHT )~ % () SHOULDIR LEFT
SPING
¥ wwp_contir
ove
HIP RIGHT HIP LT
KNeE RIGHT () O xnee uerr

L) ANKLE RIGHT,
FOOT_RIGHT

A o g
FOOT_LEFT

—

TIL

HOUVEHRE20RDBED
BRIDLADSELE
Modelingtd %7,

ERBRNI=T—4

RN REARE AR

s NEEARBMNEEICTESER
@ INE—FBEOHRTNIETES
P L1 —REHFUNMLEE RS,
RE—U DS HFADEBRMNDE
> HIELTBIET. E—2 DIERIFED
BTNB/ 89— EBIEIL T 585521215
@ LT/ 8—2 D —iR1b 1L ER

HFEZTH
* Feature Extraction (43 & #hH)
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0.89 0 5.50 6.18 0
1.26 0 3.74 2.97 0
1.78 0 6.25 3.51 0
2.34 1 6.01 2.57 1
2.81 1 4.45 1.58 1
3.21 1 7.13 2.22 1
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Histogram (ERART S L)
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http://www.chishiki.soft.iwate-pu.ac.jp/ISNLP/isnlp.html
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02 - 43.13 37.97 42.41 39.61 43.30 41.28
03 - 41.64 39.01 37.77 38.94 41.10 39.69

05 - 38.62 33.43 45.17 42.66 39.98 39.97

00 - 39.25 41.06 41.17 38.30 38.24 39.60
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